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health records (EHR) for research has not been extensively evaluated.
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de-identified database, comprising patient-level structured and

Return the results in a JSON structure with the following keys:
- "percent_staining" # may also be referred to as tumor proportion (TPS)
- "staining_intensity"
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care), majority from community oncology settings. O C u m e n S - "expression_level

- "interpretation" # may be positive or negative/not detected
e Cohort: Patients diagnosed with one of 15 cancers after 1/1/2011 Only include information that can be found in the document.
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