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Real World Data
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Caveats for the Use of Operational Electronic Health
Record Data in Comparative Effectiveness Research
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VA Computable Operational Definitions V|NC|
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How many people are in the VA health care system?
[How many people are in the VA health care system:  \/INC]

* 26.9M persons in VA master list
* 17.8M persons with at least one visit in VA
* 13.9M persons with at least one lab in VA

* 8. /M persons with at least one lab in VA and no record of death

8.7m =2 26.9m

3x difference in
simple denominator for common question
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How many people
have experienced heart failure in the
VA health care system?
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How many people have experienced heart failure in the VA health care system? &

Algorithm Details

1,904,982 -

- 5 . 5 % :: Algorithm Details

' =1ICD-9-CM diagnosis for HF and HF-specific treatment

1,801,273

51 Algorithm Details
1 67

Algorithm Validation

(2]

Ge =1 inpatient or =2 outpatient ICD-9-CM diagnosis for HF (=30 days apart)

-18.4%

0 Alanrithm Validatinn

1,469,075 i —

=2 ICD-9-CM diagnosis for HF (=30 days apart) and HF-specific treatment and elevated NT-proBNP

Geogr|
0 cit Data . . .
- 8 3 6 / Soure, Algorithm Validation
. o
Gold Sensitivity Specificity PPV NPV Sample Size
Stand; 415 998 865 983 76254
1 Geography UsA |
I Data . . . P— .

Citati| The provider-linked medical records from each institutionOlmsted County, Minnesota
Source(s)
g:::dard Manual medical record review

Reference

8x difference in HF denominator | .. oo o s o
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Weighing the Benefits and Risks of Proliferating
Observational Treatment Assessments
Observational Cacophony, Randomized Harmony

VIEWPOINT

“there is growing concern about whether attempts to infer causation about the
benefits and risks of potential therapeutics from nonrandomized studies are
providing insights that improve clinical knowledge and accelerate the search for
needed answers, or whether these reports just add

noise,
confusion,
and false confidence.-

Califf RM, Hernandez AF, Landray M. Weighing the Benefits and Risks of Proliferating Observational Treatment Assessments:
Observational Cacophony, Randomized Harmony. JAMA. 2020;10.1001/jama.2020.13319. d0i:10.1001/jama.2020.13319
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Transforming data into actionable insights
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Increase completeness through linkages VWCl
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6.1 million individuals R
with records in both 53 Fully linked and incorporated:
R w -  Department of Defense
(DoD/DHA) medical records
Department of Defense Department of Veterans Affairs e Claims from Centers for
11.1 million service women and men 26.9 million Veterans

Medicare and Medicaid

r OHDSI Services (CM?)

sssssssssssssssssssssssssssssssssssssssss e Centers for Disease Control
network studies and Prevention (CDC)
* Active participant in National Death Index cause
OHDSI network studies of death
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Increase granularity by including clinical text
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Increase accuracy by validating key variables :

* with COVID
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Task
CKD Diagnoses

‘' Done  |5|Save /)HoldiMext . Submitiext (L)) Task Info
Task Mame: Blood Transfusions Associated with Dialysis

List {39 of 39)

- ﬂDuscri:ltiun LT_-,Wrap

|D Add View =
EYES CKD Medications EYES

List (432 of 432)

- ﬂDescriptinn EWrap

Princinal: Chrenic Kidney Disease Patient 0001
Annotations Diagniosis 0. Code Type Medication Date Medicakion Mame Days Supply
O r a1/12/2011 Ve5.40 Other Unspecified Counseling Qutpatient ﬂ 1214/2010 Metformin 500mg TAB 30 ﬂ
23 o
@ j O1/14/2011 V65,40 Other Unspecified Counseling Qutpatient 12/14/2010 Insulin {Injectable) 30
Evidence of Transfusion
X ; G1/20/2011 V4511 Fenal Dialysis Status Outpatient 0112201 Metformin 500mg TAB 30
@ InellEaHB A ORIFanE s 01/20/2011 25042 Diabet: ith | festat t i Outpatient - | lin (I bl
/ 50. iabetes with renal manifestations, utpatien 0112201 L 3] En
(9 Relevant Laboratory Value rpe i . pelin Injectable
Q1222011 V4511 Renal Dialysis Status Outpatient 01/24/2011 Packed Red Blood Cells 1
01/24/2011 2800 Iron deficiency anemia secondary to blood loss Outpatient o2713/20m Metformin 500mg TAB 30
=l 01/24/2011 25042 Diabetes with renal manifestations, type I Qutpatient | 0213/20m Insulin {Injectable) EY |
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EL e Sl - 4 | Classify : Indication for Transfusion Classify ¢ |EViEEREEGITransfusion
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. ———
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= = a| | o12420m1 =
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’ i i Treating Provider: VA 00123, MD
M Is there indication of pre and post transfusion Hemoglobin values? = o213/2011 Mursing Note - Patient: CKD Patient 001
- I S O ry O Yes = 0241372011 Admission Report
02/15/2011 Inpatient Progress Note HPI: &8 year old man with history of type 2 diabetes, ESRD with dialysis on
IMANF
02/16/2011 Inpatient Progress Note
-_ A C u t e e Ve n t Is there a mention of the cause of anemia? az17/2010 Inpatient Progress Mote Diabetes mostly under control, Patient currently on metformin and insulin,
Yfes 25 02/18/201 Inpatient Frogress Note
. P ) °d The patient presents with anemia {Hgb of 9g/dL} after some blood loss from an
02/1%/201 Inpatient Progress Nete outpatient procedure. Packed red blood cells wers ordered and the patient was

02/20/2011 Discharge Summary After transfusion, patient's Hgb was 12 g/dL.

Ongoing justification - g

synthetic medical record data

U.S. Department 20

of Veterans Affairs




Reduce bias, confounding, and other noise TN
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