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Performance Measures

For each subgroup, quality of the predictions from the model was assessed visually and evaluated statistically
to the data estimated/reported from the RCTs via:

Table 3. Summary & comparison of current modeling approach to the

Figure 2. Optimization model
reported data & predictions from previously published parametric modeling
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Flgure 3. Difference between reported and predlcted number of of subgroup-specific survival from previously published work using RMST as an objective criterion.'.2

deaths in the comparator arm among subgroup 1 population in
the metastatic setting (panel [A]) and adjuvant setting (panel [B])

Figure 1. Schematic overview of the approach: An example from
REACH trial of second-line treatment for advanced hepatocellular

carcinoma Table 1. List of studies from the metastatic setting included in the Conclusions

KM-curves for overall survival for each arm* . - Tz : : A B ope
S — ) mXampie: If subgroup-speciic survival with case study L, 250 g 90 » In the absence of subgroup- and arm-specific number of events data,
=) ‘ Intervention | respect to a-fetoprotein levels were sought | Test| T 2 = 800
) est [ Tumo . = - . s s . .
_ —— Comparator | selected part of the reported forest plot case| type | Tl Subgroup 1 | Subgroup 2 = 200 £ generalized set partitioning method provided reasonably accurate
L. = Ramucirumab arm  Placebo arm HR (95% C1) REACH a-t‘%t(c))prc;tetw a-;eotgprc;tet\ 16 RAISE KR’T‘Z itatus KRAStstattus ‘;-‘ 150 =1 600 eSt]mateS
X ng/m > ng/m wild-type mutan 3 © e .
st ' n . X z : o £ o0 = og o .
§ s (P;)tlents 'E:)ents ‘P:'tlents ‘Env)ents 2 REACH East-Asian NoRréfg;tt?:;Tn 7 - Tur;ﬁ;ts)lde Tu?:iogrh il)de %D g . § g Zgg o Proposed set part]t]on]ng framework:
& ugous oot 3 REACH-2 ~ REACH2trial patients witha- | 18 CORRECT  Japanese  Non-Japanese £E 2 & 300 o Provides a distribution free, flexible and computationally tractable
B N HCC patients fetoprotein o J—— Prior No Prior 28 || ||| = g L. . g
2 o ) T 116 CEL 1L > 400 ng/mL bevacizumab  bevacizumab 5 E | il || g g 200 approach for eliciting unreported subgroup-specific survival from
S Subgroup 2 (200) 9 (D) 115 CLE 50T 4 RESORCE ~ -ast sorafenib Lajésseoia;ggm KRAS codon KTQ/SéOdin 5 i 1 2 31014151617181920212223 2425 o 1 M | Il aggregate level RCT data by generating easy-to-interpret
l dose 800 mg/day 20 CRYSTAL  12/13 wt W - g 0 — =-- — -LO-
= Not reported by the RCT but generated using the 1 5 REFLECT Patient body Pal?fr{td Ezdy Metastasis LLD M:g::cﬁles € Test case number £ 2 5 7 & 9 10 11 12 13 14 15 16 17 SOlUtionS.
T | I I algorithm devised by Guyot et al. (2013)? : weight: <60 kg weight: >60 kg CRC RAS wt > =z Test case number . . L. .
0 10 20 30 Intervention Control : 6 @notets 0L Lo e crrsTaL , FASM  pretastasis non- o Is scalable to settings with missing survival data for more than two
Time since randomization (in months) ime vt am ) ( te event arm ?_E' 7 KEYNOTE-181 scc Adenocarcinoma* orior targeted Nouﬁzor ™ Reported M Estimated ™ Reported M Estimated subgroups
Reconstructed pseudo-patient level osss0 1 1 || omss 1 o [[_ g KEYNOTE-061 ECOG StatusO  ECOG Status1 | 99 FRESCO  therapy (anti. treeted therapy These charts include only test cases that reported the number of events for each subgroup o Enables indirect efficacy comparisons and meta-analyses across
v 1 -to-ev 0.8860 1 1 591 1 o 1 (ant'-
/7 Tme e oy ime st || om0 1 osor 1 o |[3 9 REGARD ~ Age <65 Age = 65 VEGF/EGFR) e /egrr) : : : i subgroups
oo omes 13 \|| zes 1 0 [ esen 1 o [|B) pge < 65 pos 65 | B3 FRESCO  Prior VEGFi  No Prior VEGFi Figure 4. Example visual comparison of model predictions to the et
02 : 08860 1 14250 11 05012 1 0 JIZ 10 RAINBOW ) Li No Li . g . . . . . 1C1 - 11 1
o2 1 o osso 11t | LS L = FC/Ge s o | B el I e reported subgroup-specific survival (with & without liver metastases in Compared to precedent models that elicit subgroup-specific survival
10.5912 1 ! iti 1 1.4250 1 1: ! 11 TAGS . . . . . : . : . : : c
:__g_._;_zﬁ______l______%: Ezgetn(t)giahe 124250 __1__ 11 [/ tme  event arm ) [ time  event arm ) m - CEYNOTE-550 PgDa-SI‘_t1reCCFEgT¥O P%a-sl'_t{eCCI;gT%/O 25 XELAVIRI Male Females panels [A’C] and [B’D]’ respectlvely; placebo and fruqu-lnt-ln-lb arms in using RMST as an ObJeCtlve criterion and assuming parametrlc forms
105912 1 ! 114250 11, 1.42 11 05912 1 0 . . . 1 1 1<t y y 1 1
S RS I (e e | 5 KEYNOTE-S90  SCC  Adenocarcinoma | *Subgroup-specific KM curves are not reported, panels [A,B] and [C,D], respectively) in the FRESCO trial” for the (exponential, Weibull & loglogistic) for the survival distributions of
y Loe27 10, ) 14250 1 L 1.42 11 10627 1 3 . idati : . oo : .
1027 1o a0 [l 0 (e o |[§ 14 G RGN e | HCC: hepatocalllar carcinoma, EC: esophageal treatment of metastatic CRC who have progressed from second line or subgroups, the set partitioning approach: . .
@;;8_"1_“8_5 E;SZ_Z_";__E/ QZ;: X 1/ \1::38 X 8/ A e SOLAR Japan South Korea cancer, GC: gastric cancer, CRC: colorectal cancer above Chemotherapy* o Generated h]ghly robust and more precise results with a superior

performance in almost all performance metrics

*Plot is adapted from Zhu AX, et al. Lancet Oncol 2015;16:859-870. Note: Vertical markers on KM-plots represent censoring information
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