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Introduction _ Resuts

The presence of complications, coexisting comorbidities, and the
chronic nature of diabetes often lead to a decline in health-related
quality of life (HRQoL).

Objective

Results (Cont.)

Among 22,819,516 adults with self-reported diabetes, 49% of
them were female. 75% of individuals were white followed by
15% black. 16% of the individuals were Hispanic.

When assessing PCS, RF (AUC=0.792) performed the best,
followed by logistic regression (AUC=0.786) and XGB
(AUC=0.784).

When assessing MCS, XGB (AUC=0.677) performed the best,
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The study demonstrated that ML algorithms yielded only slight
enhancements in predicting HRQoL in diabetes in MEPS
compared to traditional logistic regression, with RF and XGB
proving to be the most effective algorithms to assess PCS and
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