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Randomized controlled trials (RCTs) are the gold standard for
evaluating the efficacy and safety of biomedical products, but they
face several practical and ethical barriers (e.g., enroliment
difficulties, long study timelines, widespread use of off-label
therapies).

Regulators increasingly recognize the potential of non-interventional
studies using real-world data (RWD) to produce effectiveness and
safety evidence in oncology.

RWD studies can complement RCTs by generating new hypotheses,
expediting more cost-effective results, representing broader patient
populations, reflecting real-world clinical care patterns, and
assessing longer-term outcomes.

Non-interventional RWD studies face threats to internal validity that
are not encountered in RCTs (e.g., lack of randomization, substantial
missing data).
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Figure 2. Trial Selection Flowchart

Trials selected for initial screening (n=23)

2 excluded based on biomarker-specific indication; 1
excluded due to recency of approval

Trials passed initial screening (n=20)

3 excluded due to non-operationalizable I/E
criteria; 10 excluded due to insufficient sample
size
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23 RCTs were selected for initial screening (Figure 2).

9 potential RCT-data source (DS) combinations (representing 6 RCTs
and 4 potential DSs) progressed to detailed feasibility assessment.

Table 1 summarizes the detailed data feasibility assessments
conducted for emulation of the KEYNOTE-189 trial in 3 DSs.

3 emulations across 2 DSs — KEYNOTE-189 in DS 3 and DS 4, and
PALOMA-2 (data not shown) in DS 3 — were ultimately selected for
protocol development.
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e Oncology RCT emulations require specific eligibility criteria and
outcomes that make identifying fit-for-emulation RWD particularly
challenging.

Routinely-captured, non-cancer diagnoses/treatments are absent
from high-quality, oncology-specific datasets, which may hinder the
operationalization of certain RCT inclusion/exclusion criteria.

Structured, rigorous, and transparent data feasibility assessments
are critical for identifying fit-for-emulation RWD, contextualizing
results, and identifying gaps in existing datasets.




