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INTRODUCTION ILLUSTRATIVE EXAMPLE

In the absence of head-to-head trials, synthesis of clinical

Four non-small cell lung cancer (NSCLC) trials were used comparing gefitinib with

effectiveness plays an essential role in health economic best-supportive care (BSC) (1 study) and gefitinib with docetaxel (3 studies).
evaluations. While traditional methods of network meta-
analysis (NMA) assume constant treatment effect over e T omeses
whole time horizon, guidance from various health authorities I
have Indicated implausibility of the assumption and %, ~ Maruyama, ot
suggested incorporation of external data further. This study % .
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. . . im, Kaplan-Meier
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: : . Docetaxel example
evidence for reliable extrapolation. network of
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METHODOLOGY Incorporating external information

« External data: Other trials were identified using BSC (1 study) and docetaxel (2

The main idea of blended survival curves is to mix a flexible studies) with relatively longer follow-up until 20 months.

model to fit the observed data S,, In the best way and a

parametric model encoding external assumptions on the ® }

expected behaviour of underlying long-term survival S,.;. @@X@&? et

The “blended” survival curve is described as Figure 5
Reconstructed

Kaplan-Meier
curves of long-
term data from
other trials for
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Figure 1: Graphical representation of the blended curve method \\ _ ot the simulated data ® 025 (20, 10%)
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For each treatment, the short-term and long- - Shttamtine
o term estimates are blended over the time Cwso
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Figure 2: Graphical representation of the blended hazard (model: Weibull) Docetaxel 13.385 11.398 [11.524, 15.583] 1.51 — Blended Curve
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In the NMA of blended survival curves, it involves two o Dacetane S o1 1soa e S
se parate pProcesses: 1) standard model fitted to the and expert opinion) Gefitinib 9.549 7.935 [8.0160, 11.306] S
I
network of short-term data; 2) external curves encoding Slended curve s T 6,550, 11.339]
long-term assumptions. Finally, we blend them together. (Weight lending inervel (5, 40), - Docetaxel 11741 10.969 10540, 13.591
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or arm k of study J: Blending process Incorporating external data components: observed and external estimates. Figure 8 Blended hazard curves for BSC, docetaxel and gefitinib
If IPD is used,

individual TTE for patient i: INPUT: * Another network (at least
one treatment of interest)
t{‘j ~ f(#ﬁ‘}, (pgfj ) a, f for Beta distribution,

- f: distribution of TTE outcome (4, b] as blending interval * E[\L/J\ijlize/;egiStrieS/COhort
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Figure 3: Framework of NMA modelling structure
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