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01. Introduction

Figure 4. Demographic and Socioeconomic Information of Registered App Users in
In the present era, our everyday use of health applications involves the collection of sensitive personal data. This Publications. 'No' indicates apps lacking this trait, 'Yes' indicates apps presenting this

data is subsequently utilized to train algorithms capable of shaping healthcare decisions. Should this collected data, and 'Not Disclosed' refers to apps omitting this information from their retrieval.
EGA signifies details of assessed ethnic groups.

information contain any bias, the resulting models could perpetuate these biases, greatly affecting individuals
misrepresented in these datasets (1, 2). Predictive biases within algorithms can harm patients and, in turn,
disrupt the equity of healthcare systems. Such inequity in healthcare can diminish quality of life, erode patient

trust, and escalate healthcare costs.

05. Conclusion
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This study highlights the presence of various biases in databases
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constructed from health applications, which may negatively impact the

02. Objective

References development of secure and inclusive algorithms, consequently

affecting health equity and the efficiency of health systems. Further
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for personalized patient treatment and monitoring.
This study aims to examine digital health applications

that collect patient data in order to identify potential Figure 2. Distribution of Apps by Therapeutic Area. Category various encompass surveys of
sources of bias in the resulting databases. various apps across diverse therapeutic areas.
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Figure 3. Distribution of Apps Based on Data Collection Country. This figure efficiency of health systems.
illustrates the population imbalance in the datasets across the world.




