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Introduction

A critical component of high-quality systematic

Case study: A published SLR and network meta-analysis
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such as data extraction and text classification with
great accuracy, but their potential for estimating
RoB of RCTs has not been tested

What this study adds

* |n this case study we show that GPT-4 can
accurately estimate the RoB utilizing the Cochrane
RoB 2 tool in a sample of RCTs.

How this study might affect research, practice or

policy

 The results provide preliminary evidence
supporting the utility of LLMs to assist, or (partially)
replace, human reviewers in the assessment of RoB
of RCTs enhancing the ability to complete SLRs
more rapidly.

Cl: confidence interval; na: not applicable/calculable ; FN: False Negative; FP: False Positive; TN: True Negative; TP: True Positive
Calculations: specificity = TN / (TN + FP) if (TN + FP) ; sensitivity = TP / (TP + FN) if (TP + FN); Negative Predictive Value (NPV) =TN / (TN + FN) if (TN + FN);
Positive Predictive Value (PPV) =TP /(TP + FP) if (TP + FP); observed agreement = (TP + TN)

Conclusions

* GPT-4 accurately answered RoB signalling questions
to calculate RoB, closely agreeing with the human
estimate and producing data extraction tables to
facilitate validation and quality control.

 There were clear time-savings, and the output (data
extraction tables) improved decision transparency
and feasibility of quality assessment.

 Development of detailed prompts was required to
obtain these results and the generalisability will need
to be tested on further samples. Further prompt
refinement, particularly for more complex decisions
will improve accuracy.

GPT-4 successfully summarised provided text,
extracted relevant text and answered the signalling
guestions in less than an hour in total for all 12
studies. RoB was then estimated via the Cochrane
algorithm (Figure 1).

There was high agreement between the human

reviewer and GPT-4 estimates of RoB both overall and

across domains (Table 1).

e Complete agreement for 3 domains (Missing
Outcome Information, Measurement of Outcome
and Selection of Reported Result).

 Good agreement for Domain 2 (Bias Due to
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