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Table 2. Health State Utilities CONCLUSIONS

m Health states representing weight reduction of 2.5% to 20%
were associated with increases in health state utility based
on preferences of individuals with obesity with and without

BACKGROUND AND OBJECTIVES

m Health state utilities associated with weight change
are needed as inputs for cost-utility models examining
the value of treatments for obesity and type 2

KEY RESULTS

Figure 1. Change in Utility as a Function of
Percentage Change in Weight'!23
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m However, the available data have some limitations. health states (i.e., 2.5%, 5%, 10%, 15%, and 20%). Utilities
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1These are plots of the two regression models from Table 3 that do not include covariates. Both models
are log-linear regressions of change in utility as a function of the natural log of the weight change
represented in the health states.

state utilities associated with body weight
decreases up to 20% based on preferences of
individuals with obesity, with and without T2D.

and utilities.216-2" Current results suggest the relationship
between weight change and utility change is logarithmic
(Figure 1).

TTO scores are on a scale anchored with 0 representing dead and 1 representing full health.
2Calculated by subtracting the utility of health state A from the utility of each other health state.

2Model for participants with diabetes: y = -0.00861 + 0.0217*log(x)
3Model for participants without diabetes: y = -0.00782 + 0.0237*log(x)

Table 3. Four Equations Proposed for Estimating
Utility Change Based on Weight
Decrease

METHODS
Study Design

m Utilities were estimated in a vignette-based time trade-off
(TTO) utility elicitation in the UK. Vignette-based TTO utility
interviews were conducted with a sample of patients with
obesity with and without T2D. Interviews were conducted

RESULTS

Sample Description
m Demographic and clinical information is presented in Table 1.

Health State Utilities

Estimating Utility Change for Weight Change Not

Procedures Represented in the Health States

m All regression models found that percentage weight
decrease (PWD) was a highly significant predictor of change
in health state utility (p <0.0001). This was consistent across

® Participants completed an introductory ranking task before
valuing the health states in a TTO task with a 20-year time
horizon. In the TTO for each health state, participants were

Equation for Predicting Utility
Change Based on Percentage
Weight Decrease

Covariates and
Interaction Terms

Intended Population

_ TVIEV _ offered a choice between spending a 20-year period in the m Mean (SD) health state utilities and the utility increases the linear, logarithmic, and quadratic models with and With obesity and T2D None ety chanee = 00086+ 0022
both face-to-face and virtually (using videoconferencing health state being rated versus spending varying amounts of associated with weight decreases are presented in Table 2. without covariates. The data were examined graphically to fLos? )
software) due to the COVID-19 pandemic. time in full health. Choices were presented in one-year help determine which type of model best represented the R N None Utility change = -0.0078 + 0.024

Table 1. Sample Characteristics

Participants with

relationship between these two variables. (LogPWD)

increments, alternating between longer periods of time and
shorter periods of time (i.e., 20 years, 0 years [dead], 19
years, 1 year, 18 years, 2 years...).

Participants
m All were required to be between 18 and 75 years old, have

Participants without Age, BMI, weight

change by age

Utility change =-0.014 + 0.028

m As depicted in Figure 1, the relationship between weight
(LogPWD) + 0.00026 (age) —

Characteristics T2D T2D
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