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Evolution of AI:
User interactions

Fleurence, et al. Taxonomy of Gen-AI in HEOR. Value Health. 2025; 28(11):1601–1610
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Evolution of AI: 
From Rules to Foundation Models

Rules

Machine 
learning

Deep 
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Fleurence, et al. Taxonomy of Gen-AI in HEOR. Value Health. 2025; 28(11):1601–1610



RWE “Fit for purpose”

FDA RWE Framework, 2018; FDA EHR/Claims RWD Guidance, 2024.
PMIDs: 38794897, 26994063, 33436424, 36215113, 26440803, 30429167, 38724471, 38871437. 

• aligned with target trial questionRelevant

• accurate, complete, traceableReliable

• calibrated and stable under sensitivity analysesRobust

• minimizes biasValid

• understandableTransparent

• same results-same datasetReproducible

• same results-different datasetReplicable

Equitable
Ethical
Private
Secure



Value in Health publications guide us (1)

VALUE HEALTH. 2022; 25(7):1063–1080

VALUE HEALTH. 2024; 27(6):692–701



Value in Health publications guide us (2)

VALUE HEALTH. 2025; 28(2):175–183

...and 
soon...
Gen AI 
for SLRs

VALUE HEALTH. 2025; 28(11):1601–1610

VALUE HEALTH. 2025; 28(11):1611–1625



Uses and Applications

Evidence generation: clinical data abstraction

Evidence synthesis: network meta-analyses

Evidence synthesis: health economic modeling

Automated workflows/pipelines

The future???



Our spotlight today

AI: artificial intelligence

FM: foundation model

Gen AI: generative AI

GPT: generative pre-trained 
transformer

LLM: large language model

Fleurence, et al. Taxonomy of Gen-AI in HEOR. Value Health. 2025; 28(11):1601–1610
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Strengthening LLM frameworks

Little 
consensus on 
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Case studies 
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gains
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> Case study #1: Application of LLMs to extract systemic therapies
– Unstructured EHR data and physician insights
– VALID framework
–  multiple countries

> Case study #2: Integration of validated LLM-generated data into AI 
workflows for network meta-analyses
– highlighting transparency, reproducibility and HTA use

> Case study #3: Reduction of HTA submission burden
– accelerating HTA submissions
– maintaining quality standards
– highlighting LMIC contexts

***Spotlight Agenda! ***



Your turn! Q & A/ Discussion



Thank you! 
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