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A B S T R A C T

Objectives: Distributional cost-effectiveness analysis (DCEA) requires an inequality aversion 
parameter to calculate the equally distributed equivalent (EDE). The DCEA decision rule is to 
choose the strategy with the highest EDE. However, the exact value of the inequality aversion 
parameter is unknown for most health disparities and settings, hindering the use of DCEA in 
practice. We therefore propose calculating threshold inequality aversion parameter (TIAP) 
values in DCEAs that can be interpreted using existing data and conventions.

Methods: We provide the rationale and methods for calculating the TIAP for pairwise and mul
tistrategy DCEAs. TIAPs can be estimated by finding the inequality aversion parameter that sets 
the EDEs of 2 competing strategies equal to each other. The interpretation of TIAPs requires a 
lower and upper bound of an inequality aversion parameter value range (LBIAR and UBIAR, 
respectively).

Results: In a pairwise DCEA, a TIAP that is lower than the LBIAR can be interpreted as favoring the 
equity-improving strategy, whereas a TIAP that is higher than the UBIAR would favor the more 
cost-effective strategy. TIAPs between the LBIAR and UBIAR require additional context to 
determine the optimal strategy.

Conclusions: The interpretation of TIAPs is analogous in some ways to how incremental cost- 
effectiveness ratios are used in conventional cost-effectiveness analysis; incremental cost- 
effectiveness ratios can be calculated without knowing the specific cost-effectiveness threshold 
and are then interpreted using empirical estimates or conventions for the setting-specific cost- 
effectiveness threshold. Although further empirical data and attention toward inequality 
aversion parameters are needed, reporting TIAPs could enable widespread use of DCEA.

Keywords: cost-effectiveness analysis, distributional cost-effectiveness analysis, equity impact 
analysis. 
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Introduction

Conventional cost-effectiveness analysis (CEA) counts all 
effectiveness (eg, quality-adjusted life-years [QALYs]) and cost 
outcomes equally, regardless of how they are experienced across 
the population.1 Although this approach does not explicitly 
consider distributional equity, a relatively newer extension of this 
method, distributional cost-effectiveness analysis (DCEA), 
directly accounts for this concern using an inequality aversion 
parameter in a concave social welfare function, such as the 
Atkinson Index.2 The inequality aversion parameter quantita
tively weighs trade-offs between the strategy that would maxi
mize population health (the objective of conventional CEA under 
a constrained budget) versus those that would more equitably 
distribute health and cost outcomes but produce less total 
health.2 DCEAs can handle trade-offs for interventions that are 
conventionally cost-ineffective but would reduce existing health 
disparities, such as high-priced gene therapy for sickle cell 

disease, or in
terventions that are 
conventionally cost-effective but could exacerbate existing health 
disparities based on access to care or ascertainment bias, as could 
potentially be the case in the management of atrial fibrillation.3-5

In a DCEA, decision makers can choose an inequality aversion 
parameter value that corresponds to their willingness to trade off 
total population health in favor of improving equity. Alterna
tively, the analyst can base the inequality aversion parameter 
value on an empirical estimate from a representative survey of 
the population that would be affected by these policy decisions. 
Ideally, we would have inequality aversion parameter values for 
every unique equity relevant dimension being evaluated. For 
example, preferences for reducing health disparities by income 
may differ from those aimed at addressing health disparities 
arising from systemic racism, and DCEAs should use different 
inequality aversion parameter values accordingly. However, these 
data are limited, hindering the use of DCEA in practice.6

Highlights

• Distributional cost-effectiveness 
analysis (DCEA) quantitatively 
incorporates distributional equity 
considerations into conventional 
CEA. DCEA requires an inequality 
aversion parameter value, however, 
this is often not known in practice 
for a given setting or health 
disparity.

• We propose a method to calculate 
and interpret threshold inequality 
aversion parameters (TIAPs), which 
can be estimated by finding the 
inequality aversion parameters that 
set the equally distributed 
equivalents, the metric maximized 
in DCEA, of 2 competing strategies 
equal to each other.

• Researchers can report TIAPs as a 
primary result for their DCEA in a 
similar way that incremental cost- 
effectiveness ratios are reported in 
conventional CEAs. TIAPs can be 
interpreted based on existing 
information and conventions 
around inequality aversion, which 
can be setting and disparity specific. 
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We therefore propose calculating threshold inequality aver
sion parameter (TIAP) values in DCEAs that can be interpreted 
using existing data and conventions. We demonstrate how to 
derive TIAPs in both pairwise and multistrategy DCEAs and pro
vide stylized examples on interpreting TIAPs. By establishing 
TIAPs as a practical analytic tool, we aim to lower barriers to 
conducting DCEA and thereby facilitate broader consideration of 
equity in economic evaluations.

Methods

Overview of DCEA

In contrast to conventional CEA, in which “a QALY is a QALY is 
a QALY,” DCEA directly considers the distribution of costs and 
health effects across subgroups that define  important health 
disparities. The decision rule in a DCEA is to choose the strategy 
with the highest equally distributed equivalent (EDE), which 
collapses health and cost outcomes as they are distributed across 
population subgroups into a single number. The EDE is analogous 
to the certainty equivalent in risk preferences; it is the average 
amount of an equally distributed outcome, such as net health 
benefit  (NHB), which would be viewed as equivalent to an un
equal distribution of outcomes across sub-groups.7,8 NHB uses 
the cost-effectiveness threshold to convert costs into forgone 
health due to this spending, thus combining QALYs and costs into 
a single metric.8

When no extra weight is given to a more equal distribution of 
NHB, as conventional CEA assumes, the strategy with the highest 
EDE will be equivalent to the strategy with the highest total NHB, 
analogous to a risk-neutral actor basing their decisions on (un
transformed) expected values.2 When extra priority is given to a 
more equal distribution of outcomes, the EDE of an unequal 
distribution of outcomes (eg, NHB) will be lower than the 
population-level average of the same outcome. In other words, a 
health policy decision maker who wants to give some priority to 
distributional equity will be willing to accept a lower population- 
level average NHB for a more equal distribution of NHB.2,9

The amount of population-level NHB the decision maker is 
willing to forego depends on the numerical value of the 
inequality aversion parameter, analogous to the impact of a risk 
preference parameter value (such as the Arrow-Pratt measures of 
risk aversion) on preferences over uncertain distributions of 
outcomes.7 In making this analogy, we do not mean to conflate 
risk aversion, which concerns an individual’s preference over 
uncertainty of outcomes, with inequality aversion, which con
cerns a societal decision-maker’s preference over the distribution 
of outcomes across a population. Hammitt (2022) outlines how 
considerations for risk and inequality aversions can interact, but 
this interaction is beyond the scope of this article.10 Here, we 
focus on how a societal decision maker weighs the potential 
trade-off between overall population-level well-being and the 
distribution of this well-being across the population.

DCEA uses a prioritarian social welfare function, typically 
based on the Atkinson (sensitive to relative inequality) or the 
Kolm (sensitive to absolute inequality) formulation. These ap
proaches have been used for over 40 years in developmental 
economics, environmental health policy analysis, and are the 
most commonly used functions used in equity-informed eco
nomic evaluations of health interventions.3,11-13 The Atkinson- 
based EDE equation is:

EDE=

(
1
N

∑
h12ε

i

) 1
12ε 

in which N = population size, hi = health (NHB) in each group, and 
ε = inequality aversion parameter. This formulation assumes a 
health-focused social welfare function, in which NHB is used in 
place of an objectively interpersonally comparable measure of 
well-being.2,10

Overview of Inequality Aversion Parameter

The inequality aversion parameter quantifies  the decision- 
maker’s preference for a more equal distribution of outcomes. 
With the Atkinson Index, an inequality aversion parameter value 
of 0 corresponds to no preference on the distribution of out
comes; this is the assumption in conventional CEA. At the other 
extreme, the decision maker will be willing to sacrifice  any 
amount of total health in pursuit of a more equal distribution as 
the inequality aversion parameter value approaches infinity. 
Values in between these extremes give some weight to total 
population-level NHB and some weight to reducing existing 
disparities in the calculation of the EDE.

In principle, these inequality aversion parameter values can be 
estimated empirically by asking survey respondents a series of 
discrete choice questions that show 2 different distributions of 
outcomes (such as life expectancy by income strata) then imputing 
the inequality aversion parameter value that produces consistent 
choices for that respondent. Such surveys are lacking in the health 
policy literature, however.3,14 In the absence of empirical data on 
inequality aversion parameters, some researchers have used con
ventions or subjectively reasonable values to calculate the EDE for 
competing strategies. For example, Atkinson’s original article in 
1973 used inequality aversion parameter values between 1.0 to 2.0 
to illustrate how the Atkinson Index could produce similar rank
ings of country wealth when compared with using other conven
tional measures used at the time (the Gini coefficient  and 
coefficient  of variation).12 This convention was cited in several 
other articles applying Atkinson’s index in the following de
cades.11,15,16 As we explain shortly, establishing a range of plausible 
inequality aversion parameter values will help interpret TIAPs that 
can be calculated in any DCEA without knowing the exact 
inequality aversion parameter value.

Calculating TIAP

In a DCEA comparing 2 competing strategies (ie, pairwise), the 
TIAP can be calculated by solving for the inequality aversion 
parameter that sets the EDEs for each strategy equal to each 
other. An algebraic (closed-form) solution to calculate the TIAP 
for 2 options is not possible for the Atkinson Index, but it is 
possible to find  a numerical solution for the TIAP over a pre
specified range of candidate inequality aversion parameter values 
(eg, 0-10). In our Appendix calculation tool, we provide a 
spreadsheet that can produce such a numerical TIAP solution for 
any 2 options where the subgroup-specific population sizes and 
NHB values are known. It is possible that 1 of the options will 
always be preferred over the entire range, which suggests that 
there are no inequality aversion parameter values within the 
prespecified  range that would change the policy recommenda
tion from one strategy to another.

In a DCEA with 3 or more competing strategies, we propose 
plotting (absolute) EDE curves for each strategy as a function of 
the inequality aversion parameter (Fig. 1). The strategy with the 
highest EDE will be preferred at any point along this spectrum. 
TIAPs are represented by the points of intersection along the 
highest lines of the figure;  in other words, when the optimal 
strategy changes as the inequality aversion parameter value 
changes. However, not all pairwise intersections are relevant. If a 
strategy’s EDE never actually rises to become the highest line for 
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any inequality aversion parameter in the chosen range, that 
strategy is effectively ruled out—any intersections involving that 
strategy do not yield meaningful TIAPs. Thus, we recommend the 
following procedure for calculating TIAPs in multistrategy DCEAs: 
(1) plot the EDE for each strategy across a relevant range of 
inequality aversion parameter values (eg, 0-30 if that is deter
mined to cover typical empirical/conventional values); (2) iden
tify which strategies are optimal for at least some part of that 
range—that is, which curves ever appear on top; (3) mark the 
intersection points (if any) among those optimal curves. These 
points are the final  set of TIAPs. When evaluating n strategies, 
there will be at most n 2 1 TIAPs, and potentially no TIAPs if there 
is 1 strategy that is optimal for every inequality aversion 
parameter. This procedure parallels multistrategy incremental 
analyses in conventional CEA, in which strategies that are 
dominated are excluded from incremental cost-effectiveness 
analysis ratio (ICER) calculations.

Interpreting TIAPs

A TIAP alone cannot provide a decision rule in a DCEA without 
additional context on plausible or conventional inequality aver
sion parameter values for a specific  health disparity in a given 
setting. If, however, we can identify a plausible lower bound of 
the inequality aversion range (LBIAR) and a plausible upper 
bound of the inequality aversion range (UBIAR), then a TIAP can 
be interpreted as follows.

In a 2-strategy (ie, pairwise) DCEA, a very low TIAP (ie, lower 
than the LBIAR) implies that the equity-improving but 

conventionally cost-ineffective strategy should be favored 
because a low TIAP value implies that relatively little emphasis 
on distributional equity is required to accept this trade-off. 
Conversely, a very-high TIAP value (eg, higher than the UBIAR) 
implies that the equity-improving strategy should not be favored 
over the conventionally cost-effective option. This is analogous to 
how cost-effectiveness thresholds are used to interpret ICERs in 
conventional CEAs of mutually exclusive strategies; strategies 
with very-high ICERs (eg, .$150 000/QALY in the United States) 
would not be favored considering conventional ranges of cost- 
effectiveness thresholds ($100 000-150 000/QALY).17

In a multistrategy DCEA, low TIAPs need to be interpreted 
carefully; it is possible that the strategy with the lowest TIAP is 
not favored in a DCEA with more than 2 strategies, just as it is 
possible that the strategy with the lowest ICER is not necessarily 
favored in a conventional CEA with more than 2 strategies.18 In 
these situations, more precision around the relevant inequality 
aversion parameter value (or precise cost-effectiveness threshold 
in the conventional CEA analogy) is needed to recommend a 
strategy. We provided examples of how to interpret multiple 
TIAPs arising from a stylized DCEA evaluating 4 mutually exclu
sive, hypothetical strategies in the Results section.

Results

Below, we show stylized examples for interpreting the TIAPs 
against the LBIAR and UBIAR from the plausible range of 
inequality aversion parameters for DCEAs involving pairwise 

Figure 1. Absolute equally distributed equivalent (EDE) as a function of inequality aversion to identify threshold inequality aversion 
parameters (TIAPs). The hypothetical distributional cost-effectiveness analysis (DCEA) shown here evaluates 4 mutually exclusive 
strategies (A through D). The EDE quantitatively combines total population-level net health benefits (ie, the objective of conventional 
cost-effectiveness analysis) with societal preference for equal outcomes, which is quantified using an inequality aversion parameter. 
Strategies A through C vary on their impacts on total population-level net health benefits (strategy A best on that dimension, as seen by 
the highest EDE at the lowest inequality aversion parameter) and distributional equity. The decision rule in a DCEA is to choose the 
strategy with the highest EDE, which in this example changes from strategy A to B and B to C as the inequality aversion parameter 
value increases. These intersection points are the TIAPs, that establish the bounds for where each strategy is optimal. Strategy D is 
never optimal because it never has the highest EDE. The flat lines for Strategies C and D are shown for illustrative purposes; in practice, 
declining EDE lines, such as those shown for strategies A and B, are more realistic. 
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comparisons (ie, DCEAs with at most one TIAP) and DCEA 
involving multiple strategies (ie, DCEAs with the potential for 2 
or more TIAPs).

Stylized Example 1: Interpreting a TIAP in a Pairwise 
DCEA

Figure 2 provides a visual template for how to interpret a TIAP 
from a hypothetical DCEA that evaluates 2 competing strategies 
in which there is a trade-off between conventional cost- 
effectiveness and distributional equity dimensions. If the TIAP 
is lower than any bound used or estimated previously (ie, lower 
than the LBIAR), the equity-improving strategy would be optimal. 
If the TIAP is between LBIAR and UBIAR, then the strategy would 
depend on decision-specific context, such as the disparity under 
consideration and the preference for distributional equity in 
health for the given decision maker or population. Finally, a TIAP 
higher than the UBIAR would imply that the equity-improving 
strategy would not be favored over the more cost-effective 
strategy it is being compared with.

Stylized Example 2: Interpreting a DCEA With 4 TIAPs

Table 1 provides similar guidance for 6 hypothetical DCEAs 
that each have 4 mutually exclusive strategies and 3 reported 
TIAPs. The interpretation in this scenario is more nuanced than 
the pairwise comparison, just as the interpretation of an ICER in a 
conventional incremental CEA with 2 more ICERs is more 
nuanced than the interpretation of an ICER in a pairwise con
ventional CEA. For example, in a conventional incremental CEA 
with 2 or more ICERs, the strategy with the lowest ICER might not 
be optimal; the optimal strategy would be the most effective 
strategy for which the ICER is still below the cost-effectiveness 
threshold.18 Similarly, Table 1 demonstrates how to interpret 

TIAPs given the LBIAR and LBIAR (ie, the plausible range of 
inequality aversion parameters). Very-high TIAPs (eg, greater 
than the UBIAR) would strongly suggest the strategy is not 
optimal, but a very low TIAP may or may not be sufficient for that 
strategy to be optimal, depending on the values of the other 
TIAPs. This is similar to the interpretation of a low ICER in a 
conventional incremental CEA reporting more than 1 ICER.18 For 
practical purposes, the TIAPs quantify the inequality aversion 
parameter value bounds that indicate for what values a given 
strategy is optimal in a DCEA, which correspond to the inter
section points of the highest strategy-specific  EDE lines in 
Figure 1.

Discussion

In this article, we show that using TIAPs can enable the use of 
DCEA when the exact value of the inequality aversion parameter 
is not known. TIAPs can be interpreted based on existing infor
mation and conventions around inequality aversion, which can 
be setting and disparity specific. We provide specific guidance for 
how to interpret TIAPs in a pairwise DCEA (ie, a DCEA that only 
has 1 TIAP) and for DCEAs that result in multiple TIAPs.

A TIAP is only calculated when there is a trade-off between 
conventional cost-effectiveness (ie, total population-level health 
NHB) and distributional equity. This is analogous to an ICER in 
conventional CEA, which is only calculated when there is a trade- 
off between health gains and costs.18 This analogy can be 
extended to compare the EDE in a DCEA with NHB in a conven
tional CEA. The decision rule in a DCEA and conventional CEA is to 
pick the competing strategy with the highest EDE or NHB (we 
will call these “comprehensive metrics” later in this section), 
respectively, but this requires knowing the inequality aversion 

Figure 2. Interpretation of threshold inequality aversion parameter (TIAP) in a hypothetical pairwise distributional cost-effectiveness 
analysis (DCEA) performed for the US setting. When there is a trade-off between cost-effectiveness and distributional equity outcomes 
in a pairwise comparison (ie, only 2 strategies being compared), the TIAP represents the minimum amount of preference for equal 
outcomes that would be needed to favor an equity-improving strategy over a more cost-effective strategy. The plausible range of 
inequality aversion parameter values would be based on the current literature on inequality aversion parameters, which could change 
over time as more evidence emerges. 

LBIAR indicates lower bound of inequality aversion range; UBIAR, upper bound of inequality aversion range.
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parameter or cost-effectiveness threshold, respectively. TIAPs can 
be calculated without knowing the inequality aversion param
eter, just as an ICER can be calculated without knowing the cost- 
effectiveness threshold, although both require additional infor
mation to be interpreted. For example, there is no official  cost- 
effectiveness threshold used in for the US context, but there are 
commonly used conventions ($100 000/QALY to $150 000/ 
QALY).17 Similarly, the interpretation of TIAPs requires a sense of 
a plausible range for inequality aversion parameter values.

A formal systematic review of the literature on inequality 
aversion parameter values was beyond the scope of this article, 
but our informal review of the literature found substantial vari
ation in values reported and methods used to estimate these 
values. We found that conventions based on commonly used 
values (broadly ranging from 0.5-3.0) are more common for an
alyses applied to the US setting,11,15,16,19 whereas empirically 
estimated values are higher (broadly ranging from 2.24-28.9) and 
are also more common for analyses applied to non-US settings.20-29

Appendix Table A1 in Supplemental Materials found at https://doi. 
org/10.1016/j.jval.2025.09.3064 reports findings from 14 previously 
published studies, but this is an active area of research and sys
tematic reviews of inequality aversion parameter values should be 
routinely performed in the future to adapt this range to emerging 
evidence.

Whether using a specific inequality aversion parameter value 
or interpreting TIAPs based on plausible ranges, DCEA researchers 
and decision makers should understand methods used to esti
mate the values. For example, Boujaoude et al28 estimated 
different values from a representative sample of Australian re
spondents for inequality aversion based on income, Indigenous 
status, and rural status. These equity dimensions are often 
correlated, and such intersectionality could be reflected in the 
estimated inequality aversion parameter values.28 Alternatively, 
Robson et al24 (2024) developed methods to estimate the “pure” 
aversion to health inequality, decoupled from aversion to 
income-related or income-caused health disparities. Whether to 

use a “pure” aversion parameter value(s) or not could be the 
subject of future normative and empirical investigations because 
it is not obvious whether and which causes of health inequalities 
should be reflected in inequality aversion parameter values.

Previous articles by Elbasha30 (2022) and Sendi et al31 (2021) 
developed methods to incorporate risk aversion into conventional 
CEA decision rules. Although DCEA similarly adopts a concave 
function (such as the Atkinson-based social welfare function) on 
the outcome of interest (NHB), there are important differences 
worth highlighting.12 Assuming an inequality aversion parameter 
greater than 0, DCEA accounts for aversion to inequality across 
individuals in a population. Assuming risk averse posture, the cost- 
effectiveness risk-aversion curve proposed by Elbasha30 accounts 
for aversion to uncertainty in outcomes experienced within a 
population, whether or not these outcomes are equally or un
equally distributed across the population.30

In principle, our methods could be extended to uncertainty 
analyses where the TIAPs are estimated for each probabilistic 
iteration or scenario being evaluated; however, TIAPs have 
similar issues to ICERs in probabilistic uncertainty analyses with 
multiple comparators as the decision rules are nuanced (the 
lowest TIAP or ICER might not be optimal, thus limiting the 
usefulness of reporting credible intervals around these metrics, 
for example).8 Yang et al32 (2021) provide methods for incorpo
rating uncertainty in outcomes into DCEA, which can identify the 
parameters for which resolving this uncertainty would provide 
the most value in a DCEA framework. The framework by Yang 
et al32 uses the EDE as a comprehensive metric in their calcula
tions, the same way conventional value of information analysis 
uses NHB as the comprehensive metric of interest.33 In this 
analogy, the TIAP and the ICER serve as metrics for interpretation 
in DCEA and conventional CEA, as opposed to comprehensive 
metrics used to calculate the value of additional information. 
Future methodological research could expand uncertainty ana
lyses in DCEA, perhaps displaying the probability of an inter
vention being optimal (ie, highest EDE) as a function of the 

Table 1. Interpretation of threshold inequality aversion parameters (TIAPs) from 6 stylized DCEAs (1-6) of 4 competing strategies (W-Z).

TIAP 
comparison*

TIAP values from 6 stylized DCEAs of 4 (hypothetical) competing strategies that differ on cost- 
effectiveness and equity impacts†

DCEA 1 DCEA 2 DCEA 3 DCEA 4 DCEA 5 DCEA 6
X versus W 30 0.2 0.2 0.1 0.2 1.5

Y versus X 35 35 0.4 0.2 2.5 2.0

Z versus Y 40 40 40 0.4 5.5 5.5

Optimal strategy‡ W§ X‖ Y Z Depends on context¶ Depends on context£

*This table assumes 6 stylized DCEAs. Each DCEA compares 4 mutually exclusive strategies in which strategy W provides the highest population-level net health 
benefit (ie, would be optimal in a conventional CEA) followed by strategies X, Y, and Z. In these stylized DCEAs, strategy Z has the most equal distribution of net 
health benefit, followed by strategies Y, X, and W. Note that this is a separate hypothetical example from that shown in Figure 1.
†The TIAPs are the inflection points at which the optimal strategy in a DCEA would change as a function of the inequality aversion parameter. Each column presents a 
set of TIAP results from a hypothetical DCEA (ie, we show the results of a different hypothetical DCEA in each of the 6 columns), which can be interpreted based on a 
range of empirically estimated or conventions for inequality aversion parameter values.
‡This row shows the optimal strategy from the DCEA based on the TIAP values that are interpreted using the inequality aversion parameter ranges for the United 
States shown in Figure 1 and Table 1; a commonly used range of 0.5-3.0 in the United States is used for illustrative purposes, with 0.5 being the LBIAR (lower 
bound of inequality aversion range) and 3.0 being the UBIAR (upper bound of inequality aversion range).
§In this DCEA, all TIAPs are above the UBIAR of 3.0; therefore, the strategy with the highest population-level net health benefit (strategy W) would be optimal.
‖In this DCEA, the TIAP for X versus W is low enough (0.2, which is below the LBIAR of 0.5) to sacrifice higher population-level net health benefit for the more equal 
distribution X provides, but the TIAPs for Y versus X and Z versus Y are too high to make such a trade-off.
¶In this DCEA, strategy W would be preferred for inequality aversion parameters less than 0.2, strategy X between 0.2 and 2.5, strategy Y between 2.5 and 5.5, and 
strategy Z above 5.5. Either strategy X or Y could be optimal with a plausible inequality aversion parameter range of 0.5 to 3.0; therefore, a more precise inequality 
aversion parameter value would be needed to determine the optimal strategy.
£In this DCEA, strategy W would be preferred for inequality aversion parameters less than 1.5, strategy X between 1.5 and 2.0, strategy Y between 2.0 and 5.5, and 
strategy Z above 5.5. Depending on the exact inequality aversion parameter value within the 0.5 to 3.0 plausible range, any option among strategy W, X, or Y could be 
optimal; therefore, a more precise inequality aversion parameter value would be needed to determine the optimal strategy.
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inequality aversion parameter, similar to a cost-effectiveness 
acceptability curve in conventional CEA.34

Our article has several limitations. First, the starting point for 
our article assumes current DCEA methodology, including an 
emphasis on using an EDE (calculated using an Atkinson- or 
Kolm-based inequality aversion parameter) as the metric to be 
maximized and that NHB can be used as well-being in the social 
welfare function.2 Future research on the theoretical basis and 
implications of using current DCEA methodology can further 
interrogate these assumptions. Second, our literature search was 
not performed as a formal systematic literature review because 
the focus of this article is to establish the TIAP as a useful metric 
to report from DCEAs. There is clearly a need for more empirical 
data on the level of societal preferences for distributional equity 
in health and systematic reviews of this evidence base. Third, the 
decision rules for TIAPs can be nuanced, especially when there 
are multiple TIAPs arising from the same DCEA. This could work 
against widespread use of TIAPs. Again, we can draw upon the 
analogy of TIAPs to ICERs because some in the field have called 
for NHB to replace ICERs as the primary metric reported in con
ventional CEA.35 We argue here that TIAPs (and ICERs) provide 
useful information, especially when putting results of DCEAs (or 
CEAs) in context against other DCEAs, such as how league tables 
of ICERs are used in conventional CEA.36 Finally, the interpreta
tion of TIAPs requires decision makers to have a thorough un
derstanding of the subgroups included (or excluded) in the DCEA 
and how to give priority to such permutations. For example, 
disease severity and income might be correlated within a given 
disease or population, and TIAPs can be calculated for each 
dimension independently or by further stratifying into severity- 
income subgroups.

Conclusions

In conclusion, we show how calculating the TIAP(s) can be 
used to interpret DCEAs in the absence of knowing the specific 
inequality aversion parameter for the specific  health disparity 
and policy decision being evaluated. TIAPs can be interpreted 
based on existing information and conventions around inequality 
aversion, which can be setting and disparity specific.  This is 
analogous in some ways to how ICERs are used in conventional 
CEA; they can be calculated without knowing the specific  cost- 
effectiveness threshold but require some sense (based on 
empirical estimates or conventions) around what the setting- 
specific  cost-effectiveness threshold could be. Although our 
approach does not eliminate the need for more empirical data 
and attention on inequality aversion parameters, it could enable 
the widespread use of DCEA, especially if enough TIAP results 
eventually accumulate to create league tables for DCEAs (analo
gous to the use of ICER league tables in conventional cost- 
effectiveness analysis).
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