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OBJECTIVES

-~ To review current Al applications across the oncology HTA

evidence pathway, emerging guidance, and assessed
improved efficiency from existing Al implementations for
Living-HTA

BACKGROUND

* Oncology HTA increasingly requires complex, interconnected evidence packages
spanning systematic literature reviews (SLRs), clinical study reports (CSRs), real-
world evidence (RWE), and economic modelling.

* Growing evidence volumes and frequent updates created substantial operational
bottlenecks. Al tools have been proposed to improve efficiency; however,
concerns remain regarding validity, transparency, requlatory acceptance, and
applicability to Living-HTA processes

METHODS

* A scoping review was conducted of peer-reviewed publications January 2023-
December 2025, and HTA and regulatory guidance/methodological frameworks
on Al-assisted evidence generation. We searched biomedical literature databases
using terms on Al, machine learning, large-language models (LLMs), oncology,
HTA, SLR, RWE, and economic modelling.

* Institutional websites and reference lists were reviewed.
* Selection focused on applications or guidance relevant to oncology HTA.
* Additional structured extraction was conducted to:

— Map Al tool capabilities across SLR workflow steps

— Assess coverage, integration, and output formats

— ldentify validation evidence and alignment with HTA requirements

RESULTS

* Across reviewed guidance, HTA bodies consistently emphasize transparency,
validation, bias assessment, and human-in-the-loop governance as prerequisites
for acceptability (Table 1)

* Detailed review of HTA and regulatory guidance confirms consistent
expectations’-8

— Explicit disclosure of Al use in submissions
— Validation against alternative or manual methods
— Reproducibility and explainability
— Bias identification and mitigation
— Ongoing monitoring and governance
* These requirements reinforce that Al-assisted outputs must meet the same

evidentiary standards as traditional approaches

* Most implementations remain fragmented, static, and project-based. Few support
continuously-updated evidence synthesis or materially shorten end-to-end
Living-HTA timelines, as outputs typically require re-execution when scope,
comparators, or jurisdictional requirements change®'® (Table 2)

* Al-assisted SLR tools were mapped across key workflow steps, including protocol
design, search strategy, screening and review, data extraction, study-level
synthesis, bias assessment, interpretation, and reporting outputs

Findings indicate

* Most tools support isolated steps rather than the full workflow

* Limited integration between screening, extraction, and synthesis

* Lack of standardized trial-level structuring and HTA-aligned outputs

Outputs are typically static, project-based, and not designed for continuous
updating
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* Published validation studies across Al-assisted SLR approaches

demonstrate screening sensitivity typically >95% under human

Table 1. Regulatory and methodological
guidance on Al in evidence generation

HTAZ25

Table 2. Al-assisted SLR tools and the SLR processes that they support
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Figure 1. Al-assisted SLR tools vs. living REAL-SLR framework
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While Al-assisted workflows show promise across
components of oncology HTA, current implementations
have rarely translated into sustained efficiency gains for
Living-HTA.
Achieving this objective will require approaches that move
beyond task-level automation toward integrated, governed
systems capable of continuous evidence maintenance.
Clear implementation frameworks and governance models
are needed before Al can reliably support living-HTA
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