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LIMITATIONS

* Bias increased with greater magnitude of effect modification

Surprises * Bias was not pronounced unless modification was strong

* Findings may be specific to the lung cancer screening trial and target population

* Risk difference was the primary estimand and is insensitive to competing risks e Omitting EMMs may not greatly bias transported estimates in

practice
e Strong, influential EMMs should still be modeled carefully

* True outcome generation model was nonlinear, but effect measure of interest Implications

was on the linear scale
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