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Figure 1. Three Key Items From the PrEP Impacts and Administration Preference Figure 3. Methodology for Comparing Human Versus Copilot-Based Concept Mapping
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their own outputs, as implemented in this study, may not consistently Focus of In a few words, explain the reason for your preference (or why you responses (Figure 5) were excluded (two independent human reviewers and adjudication with
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» This pilot analysis compared human manual versus Al-based categorization of free-text reasons for PrEP
administration preference among PURPOSE 1 participants who indicated a preference for injections .
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Figure 4. Participants’ Preference for Injection Over Pill at Week 52

Most participants expressed a preference for the twice-yearly injection (66%) over daily oral pills (28%) at Week 52 (Figure 4)
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participants feel while on the study medication SINg DENAvIoral THeories, We Gevebped an Oniology TEfiecting iiman reasoning be Pill: Moderate M Injection: Moderate
administration preference (Figure 2) Pill: Slight Injection: Slight
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multiple-choice and free-text answers Figure 2. Ontology of Concepts Underlying People’s Preferences for Injectable or I .. 209
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an =20 ‘mismatched’ responses (responses in which the free text clearly states a preference that is different from what was selected in the dropdown preference question) were excluded from the analysis.
A PRO questionnaire in the PURPOSE 1 trial of injectable versus oral HIV evaluations Perceived efficacy PrEP, pre-exposure prophylaxis.
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humans and Al: almost 3 out of 10 responses were sorted by Al as “other” Psychological Affective forecasting and anticipated regret §_ 30 A
while humans sorted 3% of the responses as “other” @
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» This study suggests that Al may be a useful tool to evaluate free-text Social norms 5 5
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factors : » Copilot classified 32% of responses as “other/unique responses” (vs 3% by humans), 0% as “perceived efficacy” (vs 38%), 21% as “convenience and logistical effort” (vs 29%), and 14% as
Introduction Systemic context Trust in system and technology “adherence feasibility and forgetfulness” (vs 21%) (Figure 6)

Cultural beliefs about medication * In the validation sample, Copilot classified 67% (117/174) of responses accurately, with kappa = 0.63 indicating good agreement

* Free-text responses in PRO datasets can reveal deeper, more detailed perspectives than Cultural context : . . . _ . _
oredefined response choices'™ Cultural acceptance and symbolism Figure 6. Comparison of Response Mapping Outcomes Between Human Raters (N = 1757) and Copilot (N = 174)

» However, distilling consistent meaningful concepts from large numbers of free-text responses is Other Adherence feasibility 21 _
very time consuming and labor intensive,® and Al could facilitate automated analysis of large aResults for Tier 3 subconcepts are not shown on the poster for simplicity. and forgetfulness 14 ® Human = Copilot
free-text datasets Al, artificial intelligence; PrEP, pre-exposure prophylaxis.

* PURPOSE 1 (NCT04994509) was a Phase 3, double-blind, randomized controlled trial « Two independent reviewers manually categorized 1757 free-text responses into 17 ontological concepts, Convenience and logistical effort 29
conducted in South Africa and Uganda with arbitration by a third reviewer; responses could be sorted into multiple categories (Figure 3) 9 21
— Cisgender women aged 16-25 years who were HIV negative were randomized 2:2:1 to « The same free-text dataset was then provided to Copilot (GPT-5; Microsoft Corporation, Redmond, WA, ]

receive subcutaneous (SC) lenacapavir (927 mg as two 1.5-mL injections) every 26 weeks, USA), along with a small set of human-categorized examples and the ontological categories included in the Perceived effi 38
oral emtricitabine/tenofovir alafenamide (F/TAF; 200 mg/25 mg) daily, or oral ; ercelved eticacy
oIS bt _ ’ g g Y, 0 _ prompt, to generate Al-based concepts (Figure 3) 0
emtricitabine/tenofovir disoproxil fumarate (F/TDF; 200 mg/300 mg) daily, along with the _
alternate SC or oral placebo® — Arandom 10% sample (174/1757) was used to validate Copilot’s classifications: two raters reviewed the 3
ilot- [ [ ' judicati ' Other/unique responses

* A PRO questionnaire in PURPOSE 1 asked participants about their pre-exposure prophylaxis Cl?;r':g;egde:gsteg:ﬁgﬁzp;: fo;tz(l)s,e?f?cqz]lf, with a third rater adjudicating disagreements. Agreement was g P 32
(PrEP) administration preferences (daily pills vs twice-yearly injections) at baseline, Week 26, g 9 PP . . . . . . . . .
and Week 52, and included a free-text question to explain their reasons for these preferences « Finally, the most frequent concepts into which humans and Copilot categorized the free-text responses were 0 S 10 15 20 25 30 35 40
(Figure 1) compared quantitatively to assess alignment between human and Al categorization Responses (%)
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