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BACKGROUND OBIJECTIVE

* Healthcare resource allocation is often made under uncertainty due to imperfect information in economic
evaluations.

* Collecting additional evidence can reduce uncertainty but comes with higher costs. Value of Information (Vol)
analysis provides a framework to assess whether reducing uncertainty is worth the investment.!

* The Expected Value of Partial Perfect Information (EVPPI), the value of gaining perfect information on a
subset of uncertain cost-effectiveness model parameters, can be estimated using Nested Monte Carlo (NMC),
regression-based methods (Gaussian Process (GP), Multivariate Adaptive Regression Splines (MARS), and
Bayesian Additive Regression Trees (BART)), Multi-Level Monte Carlo (MLMC), and other methods.?3

* However, their accuracy remains underexplored.

This study aims to conduct a
simulation study to evaluate the
reliability and efficiency of
different VOl methods and
provide insights on selecting
methods suited to specific
circumstances.
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R ES U LTS All models were developedin R 4.4.1 and executed on the high-performance computing platform. All code are provided in a GitHub repository.

Table 1: Summary Results

variable Method Slope  Rsquared Bias Table 1 summarizes the results

Figure 3: Scatter plots — Transition probability
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Conclusions:
Number of treatments * BART is preferred for simple models with uncorrelated
Figure 2 shows the stratified slope results, broken down by the number of health P P
parameters
states and treatments. -
. Reference: * MLMCis recommended when parameters are correlated.
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