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Background Aims

The Early Value Assessment (EVA) program within the National Institute for Health and Care Excellence (NICE) To explore the evidence gaps,
enables a more rapid assessment of digital products, devices and diagnostics for clinical effectiveness and technology types and
value for money. Evidence generation plans (EGPs) are published alongside conditional recommendations for recommended study

early use of technologies in the NHS. The EGPs specify the evidence gaps (essential or supportive), the key approaches described in the
outcomes needed for assessing cost-effectiveness in the future, and relevant study approaches for data evidence generation plans in
collection with relevant time frames. NICE's EVA program.
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Figure 2: A) Essential and B) supportive, evidence gaps and recommended study designs for different technology types

What we did and why A

. Essential evidence gaps Recommended study design
NICE EVAs published between 1st July 2022 and 1st 20 4 -
July 2024 were reviewed. Summary statistics were o8 3
used to describe the common themes in the co
. O
evidence gaps and the recommended study ‘g;% : |
approaches outlined in the EGPs. The evidence gaps 23 o “ | " | | | | | | | | |
were classified as ‘essential’ or ‘supportive’ gaps in 3 E < £ @ & & &
the EGPs. % E o O«O 6‘0 0«0 0«0 0«0 Q«O 0«0\\’ O«O @\oo Q,Oc’ &\4@ \Oo° @e 6,5(50 &9& {b\o}\} @\\\rb O)é‘\\'
o g o sz}'b & & & \g&‘\@ 6&\0’ QfS‘Q’ S Q)‘o\\} @9\0
Outcomes and impact ¥ A & S
Z© @c}\ Q\rb $<</ &@® a‘&Q& *@@ O
. . . Q & > 2 (g
Fourteen published EGPs were reviewed in total. These CY <§O K P F
included a total of 57 technologies, of which 77% were | .
atient-facing technolodies (n_44) Clinician-facin m App or Online tool for communicating about health and care
'E)h i tg | gt df B 19(} f technoloqi 9 m App or Online tool for communicating about health and care (allows 2way communication)
e;a1peucllc IOO S aC]?an ed, o ,° 2 eIC an OglleZO/ Digital health technologies used to drive clincial management (no Al)
(n_Z ) ATel & |n|cr|]an aCIEg |ag1nost|c tO?] 2 iol” @Ity 0 Digital health technologies with Al used to drive clincial management
(n_ ] data. not s OWE])’ igure .S OWS :c at most m Health technologies used to diagnose a condition
teChnOIO.gleS. are dn “app or online tool for B m Health technologies with Al used to diagnose a condition
communicating about health and care” (n=6, 37%). ’ »
Evidence gaps were categorised into 9 groups (table 1). o | |
2 0 3 Supportive evidence gaps Recommended study design
Figure 1. Classification of technology types 3?;
2 o
m App or Online tool for % g 2
communicating about health and > g
care g = ?
m Digital health technologies used to = b I I I I | I II I I I I I I
drive clincial management = T g
o o “ .
Health technologi dt 5 € ) Ko P 2 2 & &
dizagnosica ggnod%L?S nuse ’ "g % O@ «o &o C}O &o c)O\{\O 0\33 -AQ’ o° o & ,@Q{b 6\‘}4 6\)6 > o}\)&
| ° 9 R A N R
ég rFr)1 &Lgiglellrt]ienéjos kl) (f)?J:I health and g = Q{b& Qoé\ «OC)Q -\9&0&\ $<(> .\.\6&\0 Qé& f@%%\ ‘96%0 0009
care (allows 2way communication) 2 ® ca)'g\“@ Q\’bo) < <</® <& 6\@ Qﬁo @0 *OKQ
= Digital health technologies with G)QQ’ N O ,bf& \\5)@ ,<z>s\
artificial intelligence used to drive Q‘O $<<’ Q¢ < Q®
clincial management <&

m Health technologies with artificial
intelligence used to diagnose a
condition

o . « Figure 2 shows the different types of technology, the evidence gaps identified in their assessments,
Table 1. Classification of Evidence gaps and the proposed study design to address gaps associated with those technologies.

Category Evidence gap . Figure 2A shows that essential evidence gaps relating to the effectiveness of the technology compared
to standard care, and/or at a sufficient time horizon (group 5), are most common (n=15, 29%) and span

Group1 Adverse events measurement
Group2 Diagnostic accuracy

Group3 Generalisability most Of the teChnOIOgy typeS.

Group4  Health-related quality of life measurement « Figure 2B shows that supportive evidence gaps are largely split between groups 4 and 5 (n=4, 33% for

ST I e S GHHEEET CE PG S A i G IO e each). Parallel cohort studies are commonly recommended to address essential gaps (n=6, 26.9%),
Insufficient effectiveness evidence in specific sub-groups and equity whereas patient surveys are more common for supportive gaps (n=6, 33%). For each of these

Group6 concerns

proposed study designs for essential and supportive evidence gaps, technologies categorised as ‘apps
. | or online tools for communicating health and care’ with or without 2-way capabilities, were most
Measurement of the appropriate outcomes and settings for the NHS for .
Group8 instance position in the care pathway frequent (fngA and ZB)

Group9 User acceptance, engagement, usability and experience

Group7 Insufficient health resource use data including staff training

What we learnt

The results show that fundamental evidence around the technology’s efficacy is often lacking and is common to different technology types.

 The EVA program takes a pragmatic view on gathering evidence to address the gaps by proposing real-word evidence approaches where possible, but the
frequency of proposed prospective cohort studies suggest RWE approaches are not always feasible.

« As real-world evidence becomes more readily available, more pragmatic approaches should be taken for generating evidence.
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