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Introductlon

Measles is a very contagious disease, especially dangerous for young children. To stop its spread, it's important to catch it early. However, traditional
tests for measles can be slow and expensive, especially in countries with fewer resources.

* Our project developed an easy-to-use, Al-powered tool that helps people quickly check if they might have measles. The tool uses a deep learning
model to analyze skin rashes and combines it with questions about symptoms and recent exposures. This makes it easier to identify measles
early and take necessary precautions, especially in areas where medical resources are limited.
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Conclusion

‘Model Accuracy: high accuracy (98.0%), with strong generalizability across various image characteristics and external datasets.
*Areas for Improvement: Lower true positive rate was noted in younger children, females, and certain skin tones.

External Validation: TNR varied significantly across different skin conditions in external validation.

‘Potential Utility: serves as a valuable tool for early measles detection, particularly in resource-limited settings.

*Ongoing Refinement: Ongoing refinement is necessary to ensure robust performance across diverse populations and conditions.
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