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Background

* Real-world data (RWD) are increasingly utilized in
oncology research and regulatory submissions.
However, the evidentiary value of RWD is contingent
upon its quality and ease of use.

* Oncology RWD is inherently complex due to disease
heterogeneity, rapidly evolving treatments, multi-
modal data integration, varied data collection
practices, and diverse follow-up intervals.

* This complexity necessitates a tailored quality
assessment framework to ensure robust, reliable
real-world evidence that accurately informs clinical
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