Utility Over Multiple Health Indexes in Non-Small Cell Lung Cancer: Survey Estimates
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« Using Constant Relative Risk Aversion (CRRA) as an example, utility (W) over health (H) can be represented as:

« Patient-derived utility functions over health, measured
by both VAS and TTO indexes to be generated for GRACE

« Patients complete survey with 6 hypothetical VAS-based

. . W(H) =H'"F
health gamble scenarios + 6 standard TTO questions

« Since utility from CE is same as that of gamble:
1— 1_ 1 * HRQoL values can be sourced from published literature

P _ 1— 1—
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How It Works: 2 27
" the health index used (e.g. EQ-5D to TTO function)
« Survey elicits preference between certain and risky

health outcomes when offered various treatment options

- Here, H, H, and H depict health level, and that of the good and bad outcome, respectively REFERENCES

* Next, pcan be estimated using nonlinear least squares (NLLS) via the estimating equation:
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