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disparities’. * The final cohort included 7,505 patients, 6,243 (83.2%) of whom survived within 3

years of the index date . ML effectively identified key predictors of a 3-year survival rate

in PCI patients, with renal impairment and age being dominant
risk factors

Significant regional variations in survival rates suggest
underlying healthcare disparities that warrant further
Investigation

 Among the 22 variables analyzed, renal impairment, age, pulmonary hypertension,
and index year were the strongest predictors of 3-year survival (Figure 2). One
limitation to note is that the observed decrease in 3-year survival may be partially
influenced by the onset of the COVID-19 pandemic (Figure 4)

« Survival rates varied significantly by region, with the South and Midwest . These insights can inform risk stratification strategies and policy
experiencing the lowest rates, while the Northeast and West had higher rates. interventions to improve PCl outcomes and reduce geographic
These disparities suggest potential regional differences in healthcare access, inequities in cardiovascular care
treatment quality, or patient risk profiles (Figure 3)
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