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Conclusions

rwDTs matched using Al-derived spatial imaging biomarkers (SIBs) from baseline CT scans
generated ECAs successfully emulating the control arm of the MYSTIC trial and the observed
OS treatment effect. Future analyses will evaluate potential impacts of ECA use on sample
size and statistical power calculations.
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Results and Interpretation

Plain-language summary + 672 MYSTIC patients with available BL CT scans and
consent to this research were included to match rwDTs.
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Why did we perform this research? * The HR between SOC and ECA-SOC was 0.92, near | - | |
* In clinical trials, control arms are needed to compare effectiveness of a study the desired HR of 1.0. KM curves of the MYSTIC trial arms KM curves of the individual MYSTIC trial arms vs the Al-derived ECA arms
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Conclusions

and the control groups were similar when comparing to the real-world patients.

7 What are the implications of this research? SOC vs. ECA-SOC 11.7 vs. 10.7 0.92 (0.75, 1.14) » Al-derived SIB-based rwDTs generated ECAs with outcomes similar to the SOC arm of the MYSTIC clinical trial,
Al applied to imaging data can be used to identify ECAs for clinical trials. This D vs. SOC - 14.4vs. 11.7 0.89(0.79, 1.11) highlighting the ability of IPRO to create ECAs that can be used as a ‘matched’ control in propensity score analysis.
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